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Abstract: 

The financial markets in the United States are rapidly evolving and data-intensive environments, where 

traditional rule-based risk monitoring systems are constrained in their ability to detect financial 

irregularities at an early stage. The review examines how machine learning intelligent risk monitoring 

systems are transforming early detection practices in the U.S. financial markets. The study is based on 

peer-reviewed literature published between 2020 and 2025, identified through Google Scholar and 

ScienceDirect. The study provides a synthesis of evidence on machine learning structures, the fields where 

financial applications are to be implemented, the performance of early detection, the issues in 

implementation, and the governance of AI. The results demonstrate a noticeable shift from periodic risk 

assessment to continuous monitoring systems that apply supervised, unsupervised, deep learning, and 

hybrid approaches in detecting fraud, credit risk assessment, market monitoring, and operational risk 

management. The literature suggests that dependable early detection in practice depends on more than 

algorithmic performance, but also data quality, system adaptability, organisational coordination, and 

regulatory compliance.  Matters of governance, such as explainability, accountability, and human 

oversight, emerge as central determinants in sustainable adoption within regulated financial environments. 

By incorporating technical and governance approaches, the review explains the context within which 

intelligent risk monitoring systems enhance early detection and the existence of persistent gaps concerning 

long-term system performance, resilience, and the assessment of early detection capabilities in U.S. 

markets.  
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1. INTRODUCTION 

Financial markets function within increasingly intricate and data-driven environments, where the rapidity 

and volume of transactions amplify vulnerability to fraud, malfeasance, and various other types of 

financial irregularities within the U.S. financial markets (Aikman et al., 2021). Traditional risk monitoring 

methods, which often rely on static rules and periodic assessments, are increasingly limited in their ability 

to promptly identify emergent risks. As financial activities evolve, there is an increasing necessity for 

monitoring systems that facilitate ongoing supervision and prompt risk detection (Raddant et al, 2021; 

Goldstein et al., 2023). 

 

Artificial intelligence and machine learning advancements have altered the way financial organizations 

approach risk monitoring. Machine learning-based systems can process enormous amounts of structured 
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and unstructured data, uncover patterns that are not visible using traditional approaches, and adapt to 

changing risk behaviors (Mashrur et al., 2020). These capabilities have established intelligent risk 

monitoring systems as a critical component of current financial risk management frameworks, particularly 

in financial institutions in the United States, where early identification can reduce financial losses and 

maintain market integrity (Milana et al., 2021). 

 

Despite growing usage, the use of machine learning for financial risk management is uneven and dispersed 

among institutions and disciplines. Existing studies differ in their methodological focus, application 

situations, and approach to governance and regulatory matters. While earlier research has studied 

individual models or use cases, there is limited synthesis that integrates technical approaches with early 

detection aims, practical deployment constraints, and regulatory alignment in the context of U.S. financial 

markets (Milana et al., 2021). 

 

This review bridges this gap by undertaking an evaluation of research published between 2020 and 2025 

on intelligent risk monitoring systems that use machine learning approaches for early detection of financial 

irregularities. It analyzes information to identify dominant machine learning architectures, key financial 

application domains, and performance factors for early detection. Additionally, it tackles governance and 

regulatory alignment concerns that affect the long-term implementation of these systems in practice. 

By presenting an integrated overview of methodological trends, application contexts, and implementation 

issues, this study aims to clarify how machine learning-based risk monitoring systems are altering financial 

oversight. The findings provide useful information to researchers, financial institutions, and policymakers 

seeking to enhance early detection skills while retaining transparency, accountability, and regulatory 

compliance in financial markets. 

 

2. METHODOLOGY 

This study utilizes a literature review design to investigate the usage of machine learning-based risk 

monitoring systems for the early detection of financial anomalies in financial markets. The review is based 

solely on secondary data from peer-reviewed academic publications. No primary data was collected. A 

narrative strategy was selected to assure transparency, reproducibility, and methodological rigour in the 

identification, selection, and synthesis of relevant studies. 

 

The three established academic databases utilized in the literature search comprise Scopus, Web of 

Science, and ScienceDirect. These databases were selected for their comprehensive and high-quality 

coverage of research in finance, business analytics, risk management, and applied artificial intelligence. 

They index top peer-reviewed publications that are widely regarded in scholarly research and professional 

practice with relevance to U.S financial markets. A structured search technique was utilized to identify 

relevant studies published between 2020 and 2025. This period was employed to incorporate recent 

developments in machine learning applications for financial risk management, which reflect current 

market dynamics and regulatory settings. 

 

Key terms linked with financial risk, fraud detection, market surveillance, and early warning systems were 

coupled with terms relating to artificial intelligence and machine learning in search inquiries. Boolean 

operators were employed to refine and broaden the search results. The search technique was iterative, 

allowing terms to be refined for greater relevancy while retaining consistency across databases. 

 

To ensure the quality and relevance of the reviewed literature, explicit inclusion and exclusion criteria 

were used. Studies were included if they were peer-reviewed journal articles published between 2020 and 

2025 and investigated machine learning and artificial intelligence applications in financial risk monitoring, 

the detection of financial anomalies and the use of empirical or analytical frameworks relevant to financial 
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markets. Studies that were not peer reviewed, included editorials, opinion pieces, or non-academic 

comments, lacked methodological clarity, or concentrated on areas irrelevant to financial risk monitoring 

were also removed. 

 

The study selection process followed a multi-stage screening procedure. Initial search results were 

screened based on titles and abstracts to remove clearly irrelevant publications. The remaining studies 

were then assessed through full-text review to determine their alignment with the inclusion criteria. Only 

studies that met all predefined criteria were retained for final analysis. This process ensured consistency 

and reduced the risk of selection bias. 

 

This study has various limitations, much like any literature review. The review focuses on published 

academic literature and excludes industry-specific systems and unpublished implementations. Relevant 

data were retrieved from each selected study, including the type of machine learning approach used, the 

financial risk domain addressed, and the stated objectives of the risk monitoring system. The retrieved 

data was evaluated using a thematic synthesis method. This strategy allowed for the identification of 

recurring patterns, methodological trends, and common issues throughout the literature without relying on 

statistical aggregation. 

 

3. RESULTS: THEMATIC SYNTHESIS OF LITERATURE  

3.1 Overview  

The studies utilized demonstrate an ongoing focus on the application of machine learning to financial risk 

monitoring between 2020 and 2025. The literature focuses mostly on replacing rule-based techniques with 

data-driven systems capable of enabling continuous monitoring and early identification of financial 

irregularities (Abdulla et al. 2024).  

 

The key research areas in the examined works are fraud detection, credit risk assessment, market 

surveillance, and related risk management tasks within U.S regulatory contexts. Collectively, this body of 

work serves as the empirical and analytical framework for the thematic analysis discussed in the 

subsequent sections (Vuković et al., 2025). 

 

3.2 Machine Learning Architectures Used in Financial Risk Monitoring 

The research on intelligent risk monitoring systems covers a wide range of machine learning architectures 

used to detect financial irregularities. Rather than adopting a single methodological approach, studies 

stress the use of several architectures to accommodate varied data forms, risk kinds, and operational 

requirements in U.S financial markets (Chen et al., 2025).  

 

According to Abdulla et al. (2024), supervised learning architectures are commonly utilized in situations 

where labeled historical data is available. These models help with categorization and prediction tasks such 

as fraud detection, credit assessment, and compliance monitoring. Their success is heavily reliant on the 

availability and quality of labelled data, which can limit their ability to react to new or previously unknown 

types of financial anomalies (Jin et al., 2025). 

According to Popoola et al. (2023), Unsupervised learning algorithms are frequently used to detect 

abnormal patterns when labelled data is limited or inadequate. These models focus on recognizing 

deviations from usual behavior, making them ideal for identifying new or evolving risks. Their relevance 

to early detection stems from their ability to identify abnormal conduct before it is explicitly recognized 

inside institutional risk frameworks (Preciado Martínez et al., 2025).  

 

Deep learning architectures have gained popularity for their ability to simulate complicated nonlinear 

relationships and temporal dynamics in large-scale financial data (Chen et al., 2025). These methodologies 
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are widely used in high-volume transaction monitoring and market surveillance scenarios that necessitate 

continuous or near-real-time analysis. However, their rising complexity raises interpretability and 

governance concerns, especially in regulated financial sectors (Jin et al., 2025). 

 

Although they are considered in relation to adaptive decision processes and dynamic market situations, 

reinforcement learning architectures are less common in operational detection systems. Instead of being 

used as stand-alone detection tools, these methods are typically positioned as complementary parts of 

larger system designs in financial risk monitoring (Abdulla et al., 2024).  

In order to improve robustness and practical application, hybrid architectures that incorporate several 

machine learning techniques are frequently suggested in the research. These systems demonstrate the 

understanding that efficient financial risk management usually necessitates striking a balance between 

regulatory responsibility, detection accuracy, and flexibility. The examined research shows that intelligent 

risk monitoring systems in financial markets are characterized by architectural variation rather than 

methodological uniformity. 

 

3.3 Financial Application Domains of Intelligent Risk Monitoring Systems 

Machine learning technologies are used in a variety of U.S. financial fields, each with unique risk profiles, 

data structures, and operational goals, according to the literature on intelligent risk monitoring systems. 

These systems are intended to provide early detection and continuous oversight across a variety of 

financial operations where abnormalities can have serious systemic and economic repercussions, rather 

than having a single function (Preciado Martínez et al., 2025).  

 

The application fields that have been investigated the most include fraud detection and anti-money 

laundering. Machine learning-based monitoring systems are employed in these situations to evaluate 

transactional behavior, spot questionable conduct, and rank alarms for additional research (Chen et al., 

2025).  

  

In this field, early detection of unusual patterns that can indicate fraudulent activity is crucial before 

financial losses worsen or legal violations take place. When compared to static rule-based techniques, 

studies show how continuous monitoring systems can improve responsiveness (Oko-Odion, C., 2025).  

 

Another prevalent sector where intelligent risk monitoring technologies are employed is credit risk 

assessment. In order to determine default risk, machine learning algorithms analyze borrower behavior, 

financial histories, and more general economic signals. Early detection in this area focuses on spotting 

early indicators of financial instability so that organizations can proactively manage risk and mitigate 

exposure. Periodic credit review is giving way to more dynamic, data-driven monitoring systems, 

according to the literature (Li et al., 2023). 

 

Another application area is market risk and trade surveillance, especially when it comes to identifying 

unusual trading patterns and market manipulation that is relevant to the U.S. market (Jin et al., 2025). 

Large amounts of market data are subjected to intelligent monitoring systems in order to spot deviant trade 

patterns, volatile price movements, or departures from typical market behavior. In this field, early 

detection is essential to preserving market integrity and safeguarding investor confidence, particularly in 

high-frequency and fast-moving trading situations (Chen et al., 2025). 

 

This literature also addresses operational risk management, including machine learning techniques 

that monitor internal processes, controls, and compliance activities. In this context, intelligent systems are 

employed to detect process failures, policy violations, or control flaws that could result in financial or 
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reputational harm (Levytska et al., 2022). The adoption of machine learning in operational risk highlights 

continuous monitoring and early warning rather than post-event analysis. 

 

Some studies expand the scope of intelligent risk monitoring to include systemic risk and financial stability 

factors. In order to find weaknesses that could endanger the larger financial system, these systems 

concentrate on combining risk signals from several institutions or market groups. This area emphasizes 

the importance of advanced analytics in aiding macro-level risk awareness and policy decision-making, 

although it is less operational in nature (Vuković et al., 2025).  

When considered collectively, the examined literature shows that intelligent risk monitoring systems are 

used in a variety of financial areas, each with distinct early detection goals. The variety of application 

areas supports the idea that machine learning-based risk monitoring is more incorporated into the 

fundamental risk management operations of markets and financial institutions rather than being limited to 

specific use cases. 

 

3.4 Early Detection Capabilities and Performance Considerations 

The ability to detect financial irregularities early on is a key focus in the literature on intelligent risk 

monitoring systems. Early detection is commonly defined as the ability to detect risk indications at an 

early stage, before financial losses escalate or systemic consequences occur (Ogunsola et al, 2025 a; 

Ogunsola et al, 2025 b). Rather than depending on post-event analysis, machine learning-based 

technologies are intended to provide continuous monitoring and prompt intervention across financial 

operations (Popoola et al., 2023; Chen et al., 2025). 

 

According to research, how models handle temporal information and adapt to shifting behavioral patterns 

influences their early detection performance (Chen et al., 2025). Risk monitoring systems that use 

sequential analysis and real-time data streams are considered more successful in detecting emergent 

irregularities than static or batch-based alternatives (Chen et al., 2025; Oyeyemi et al, 2025). This shift 

reflects a broader understanding that financial risk is dynamic and requires continuous assessment rather 

than periodic review (Aikman et al., 2021; Raddant et al., 2021). 

 

 Another theme, which is resonating in literature, is the potential trade-off between detection sensitivity 

and operational efficiency (Weber et al., 2024; Popoola et al., 2023). The systems created to maximize 

early detection tend to produce higher levels of alert and a significant load to the investigative resources, 

unless carefully designed (Weber et al., 2024). Consequently, performance is no longer assessed solely on 

being better at detection accuracy but also on the capability to prioritize risk signals in a way that allows 

for timely and actionable decision-making (Weber et al., 2024).  At this point, early detection is more of a 

system-level objective and not a single model outcome. 

 

The literature also highlights the importance of adaptability in early detection performance. In the United 

States, financial irregularities evolve in response to regulatory changes, market innovation, and adversarial 

behavior (Pasha et al., 2025). Intelligent risk monitoring systems are expected to adjust to these shifts 

without requiring extensive manual reconfiguration. Approaches that support model updating and learning 

over time are viewed as more suitable for sustaining early detection capabilities in complex financial 

environments (Vuković et al., 2025). 

 

Data quality and availability are repeatedly identified as critical determinants of early detection 

effectiveness. Inconsistent labeling, delayed reporting, and data fragmentation can limit the ability of 

machine learning systems to recognize early risk signals (Nalla et al., 2021; Laryea and Brakye, 2025). As 

a result, performance considerations extend beyond algorithm selection to include data governance 

practices and system integration across organizational functions ( Yuezhou et al., 2022). 
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In summary, the examined literature reveals that early detection in financial risk monitoring is best 

understood as a multifaceted skill influenced by model design, data infrastructure, and operational context. 

Performance is measured not just in terms of technical accuracy, but also in the system's contribution to 

prompt risk awareness and proactive management in financial institutions and markets. 

 

3.5 Implementation Challenges and Research Gaps 

Although intelligent risk monitoring systems are becoming increasingly popular, the literature highlights   

several at prevent them from being effectively utilized in financial markets. The extent to which machine 

learning-based systems can produce dependable early detection results in practice is shaped by these 

hurd`les, which have organizational, technical, and regulatory aspects (Vuković et al., 2025; Pasha et al., 

2025). 

 

Data availability and quality remain a persistent problem, especially in the United States (Nalla et al., 

2021; Doerr et al., 2021). Financial data is frequently fragmented among systems, subject to reporting 

delays, and complicated by labeling and documentation oversights. Such conditions hinder machine 

learning algorithms' ability to learn stable patterns and therefore compromise the dependability of risk 

alerts (Nalla et al., 2021; Asamoah and Laryea, 2025). According to the research, improvements in data 

governance and integration are just as important as advancements in modeling approaches for improving 

system efficiency (Popoola et al., 2023). 

 

Another  key issue includes model resilience and sustainability over time (Abdulla et al. 2024). The U.S 

financial markets evolve in reaction to legislative changes, innovations, and market participants strategic 

actions (Aikman et al., 2021). As a result, models that perform well in past instances may decline when 

applied to new conditions. The research emphasizes the importance of continuous monitoring, validation, 

and updating of risk models to address challenges, including model drift and shifting risk dynamics 

(Abdulla et al. 2024; Chen et al., 2025). 

 

The implementation of intelligent risk monitoring systems is also impacted by operational and 

organizational limitations. Coordination between technical teams, compliance departments, and business 

divisions is necessary for integrating machine learning tools into current risk management procedures 

(Vuković et al., 2025; Abugri et al, 2025; Abugri and Colley, 2026). Research indicates that even in cases 

where technical performance is good, the practical impact of advanced monitoring systems may be limited 

by a misalignment between analytical skills and organizational decision processes (Vuković et al., 2025). 

Regulatory and ethical standards impede implementation even further. Concerns regarding bias, fairness, 

and accountability are especially relevant in financial applications that influence customers and market 

players (Černevičienė et al., 2024; Nartey et al, 2026). The literature underlines the significance of 

integrating system design with regulatory requirements and ethical norms to ensure that automated risk 

monitoring aids responsible decision-making (Pasha et al., 2025). 

 

In addition to implementation issues, the literature identifies various research gaps that require further 

exploration. These include insufficient empirical information on long-term system efficacy, insufficient 

attention to cross-institutional risk interconnections, and a scarcity of standardized evaluation frameworks 

for early detection performance (Talha Mohsin et al., 2025). Addressing these gaps is seen as critical to 

developing both academic understanding and practical application of intelligent risk monitoring systems. 

Thus, the analyzed research indicates that, while machine learning provides significant prospects to 

advance financial risk management, successful adoption requires more than just technical innovation. 

Progress in this area necessitates integrated approaches that address data governance, organizational 

preparation, regulatory alignment, and continuous system examination. 
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4. DISCUSSION 

4.1 Synthesis of Key Findings 

The thematic analysis indicates that intelligent risk monitoring systems in financial markets are 

distinguished by architectural diversity, domain-specific deployment, and an increased emphasis on early 

detection. Rather than relying on a single analytical approach, the literature demonstrates the adoption of 

diverse machine learning architectures suited to distinct risk situations and operational needs in the United 

States. This pattern implies that effective risk monitoring is less dependent on individual models and more 

on system-level design that aligns analytical capabilities with institutional objectives. 

The findings indicate a clear shift from reactive risk assessment toward continuous and proactive 

monitoring. Early detection emerges as a central objective, supported by advances in data processing and 

adaptive learning mechanisms. However, the effectiveness of early detection is consistently framed as a 

function of both technical performance and organizational readiness, reinforcing the importance of 

integrated risk management frameworks (Doerr et al., 2021). 

 

4.2 Implications for Financial Risk Monitoring Practice 

From a practical standpoint, the findings indicate that financial institutions are increasingly expected to 

deploy intelligent risk monitoring systems that can operate at scale while remaining responsive to evolving 

risk patterns in U.S. financial markets. The literature consistently emphasizes that machine learning-based 

approaches are most effective when embedded within existing risk governance and compliance 

frameworks, rather than implemented as isolated analytical tools. Such integration enables institutions to 

translate analytical outputs into timely, actionable risk mitigation measures that align with supervisory 

expectations and operational realities (Bussmann et al., 2021; Yeboah et al, 2026). 

 

The emphasis on early detection has important implications for organizational decision-making processes. 

Institutions must carefully balance sensitivity to emerging risk signals with the capacity of investigative 

and compliance teams to respond effectively. Excessive alert generation can undermine operational 

efficiency, while overly restrictive thresholds may delay intervention. As a result, intelligent risk 

monitoring is increasingly conceptualized as a socio-technical systemone that requires coordination 

between analytical teams, compliance officers, and senior management to ensure that early warnings are 

interpreted, prioritized, and acted upon appropriately (Bussmann et al., 2021). 

 

These findings suggest that successful implementation depends not only on technical model performance 

but also on institutional readiness, workflow integration, and governance structures that support 

continuous monitoring and informed decision-making within regulated financial environments. 

 

4.3 Repercussions for Governance and Regulatory Adherence 

Governance considerations emerge as a central theme in the deployment of intelligent risk monitoring 

systems within U.S. financial markets. The literature indicates that advanced analytical capability alone is 

insufficient if system outputs cannot be transparently explained, validated, and audited in accordance with 

regulatory expectations. As machine learning models increasingly influence risk-related decisions, 

regulators and supervisory bodies place growing emphasis on accountability, interpretability, and the 

presence of effective human oversight mechanisms (Martins et al., 2023). 

 

The findings further suggest that governance requirements actively shape system design choices, 

particularly with respect to explainability, documentation, and model lifecycle management. Risk 

monitoring systems that lack transparency or clear decision rationales may face regulatory resistance, 

regardless of their predictive accuracy. Consequently, governance is not treated as a post-implementation 

concern, but as an integral component of system development and operationalization (Pasha et al., 2025). 
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In addition, the literature highlights concerns regarding fairness and market impact, particularly in 

applications related to credit and financial access. Machine learning driven risk systems may 

unintentionally reinforce existing inequalities or introduce new forms of bias if governance safeguards are 

insufficient. Studies examining the effects of machine learning in financial decision-making underscore 

the importance of regulatory alignment and ethical oversight to preserve trust, legitimacy, and market 

stability (Fuster et al., 2022). 

 

These findings indicate that intelligent risk monitoring systems are increasingly evaluated through a 

governance-oriented lens, where regulatory compliance, explainability, and accountability are treated as 

prerequisites for sustainable adoption in U.S. financial markets. 

 

4.4 Directions for Future Research 

The report also identifies various domains in which further study is needed. These include insufficient 

information on long-term system performance, challenges in reliably assessing early detection efficacy, 

and gaps in understanding how risk signals spread throughout U.S. institutions and markets. Addressing 

these challenges would improve both the theoretical and practical applications of intelligent risk 

monitoring systems. 

 

Future research that combines technical development with governance considerations and real-world 

deployment contexts may result in more robust and durable risk monitoring frameworks (Amoako et al, 

2025). Such efforts would contribute to the continuous development of intelligent systems capable of 

improving financial stability and risk awareness (Samek et al., 2021). 

 

5. CONCLUSION 

This review examined the application of machine learning based intelligent risk monitoring systems to 

support the early identification of financial irregularities in U.S. financial markets. Synthesized evidence 

demonstrates a notable shift from static and periodic risk assessment methods towards continuous and 

adaptive monitoring methodologies that combine a range of machine learning frameworks into various 

financial risk domains. Nevertheless, the results also highlight that reliable early detection practice is not 

solely a matter of algorithmic performance. The effectiveness and sustainability of these systems are 

always determined by the quality of data, flexibility of the system, the coordination within the 

organization, and regulatory compatibility. Issues of governance, such as transparency, accountability, and 

human oversight, become pertinent matters to long term adoption in regulated financial environments. 

Practically, the review highlights the importance to incorporate intelligent monitoring tools into the 

currently employed risk management and compliance frameworks to guarantee that analytic reports will 

be translated into decisions that are timely and actionable. From a research standpoint, there are still 

evidence gaps regarding long term system performance, model resilience, and standardized approaches to 

assessing early detection capabilities. Addressing these gaps through integrated technical and governance-

oriented studies will be essential for advancing responsible and effective intelligent risk monitoring in 

modern financial markets.  
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